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oals

¢ Detect the occurrences of phrases of a rag

¢ Opfimal methodology: approach and parameter values

¢ Evaluation of 560 combinations; sampling rates (5),
normalization techniques (8), fime-scaling (2) and
distance measures (/)

INndian art Music

Hindustani (North-Indian), Carnatic (South-Indian) music.
RAg melody framework, Tal rnythm framework

RAQ: Svaras, Aroh-Avroh, Characteristic phrases

Oral pedagogy, essentially audio music repertoire
Practically no writfen music (descriptive) scores
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Predominant pitch in the audio signal
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