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*The best estimation had an overall accuracy of 91% but can be improved
with a heuristic combination of the best methods

*The best performing methods (Klapuri and Beatlt) are based on the
following steps: differential energy values, frequency decomposition,
periodicity detection prior to the multi-band integration, and multi-tempo
level detection in the pulse-induction block.

The tested algorithms involving band decomposition and periodicity
detection before the multi-band integration achieved better results.
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